
OMCOS: A tool that made parallel agent work
possible.

Local Development Was Never Designed for
AI-Native Engineering
Modern software engineering is moving toward parallelism. But most local development
environments were designed for a sequential workflow where one engineer does one job at a time
on a manually configured machine.

That mismatch becomes painfully obvious at scale.

Engineers spend days configuring environments, resolving dependency conflicts, wiring services
together, and learning undocumented setup steps. Running a realistic local stack relied on tribal
knowledge accumulated over months.

The result is predictable:

• onboarding slows down

• experimentation becomes expensive

• code review becomes sequential

• AI-assisted workflows hit operational limits

A development environment that takes days to configure cannot support parallel engineering.

And AI systems become significantly less useful when the underlying codebase and runtime
environment are difficult to discover, reproduce, or isolate.

The Core Problem
The issue was never just onboarding.

The deeper problem was that local development itself was not deterministic.

Running a realistic multi-service stack required:

• manually configuring dependencies

• resolving service conflicts

• handling local infrastructure setup

• understanding hidden relationships between repositories

• managing environment-specific behavior

Even experienced engineers lost time context-switching between projects, branches, and machines.

Reviewing another engineer’s work often meant:
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• cloning additional repositories

• changing ports

• overriding endpoints

• reconfiguring services

• debugging local state drift

That workflow fundamentally breaks parallel development.

It also creates a ceiling for AI-assisted engineering systems. Multi-agent workflows assume
environments can be spun up, isolated, modified, and discarded quickly. Most engineering
organizations are nowhere close to that reality.

Action
I built a native cross-platform desktop application focused on one goal:

Make local engineering environments reproducible, parallelizable, and AI-friendly.

The application was built using Go and Wails and runs natively on macOS, Windows, and Linux.

The architecture intentionally avoided heavyweight runtime dependencies and browser-based shells
in favor of:

• low memory overhead

• predictable process management

• direct OS integration

• native filesystem and credential access

The application became the orchestration layer for local development.

Instead of relying on setup documentation, the environment itself became software.

Environment Setup as Infrastructure
The system automated the full local-development lifecycle:

• repository cloning

• prerequisite detection

• credential setup

• local dependency bootstrapping

• service startup and supervision

• environment configuration

• log streaming and process management

What previously existed as scattered tribal knowledge became a deterministic workflow.
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An engineer could install the application, authenticate once, clone repositories, and run services
locally without manually touching the terminal.

More importantly, environments became reproducible.

That changed the operational model entirely.

Enabling Parallel Engineering
The most important design goal was not onboarding speed.

It was parallelism.

The platform was designed around the assumption that future engineering workflows involve:

• multiple active branches

• concurrent feature implementations

• isolated experimental environments

• AI agents operating against local systems

• rapid context switching between implementations

The application manages isolated local environments without engineers manually tracking ports,
service wiring, or dependency conflicts.

Reviewing another implementation stopped being a disruptive context switch and became an
isolated environment launch.

That capability significantly reduced friction around experimentation and review workflows.

Making AI Systems Operationally Useful
Most discussions around AI in engineering focus on code generation.

That is the smallest part of the problem.

AI systems become substantially more effective when:

• the codebase is discoverable

• services are runnable locally

• dependencies are reproducible

• infrastructure behavior is deterministic

• environments can be created and destroyed quickly

The application embedded LLM-assisted workflows directly into the development environment.

Users could:
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• query implementation details

• trace business logic across repositories

• inspect running systems

• generate environment-aware implementations

• explore unfamiliar code paths

All inside the same operational surface.

This reduced the cost of navigating large distributed systems and improved the usefulness of
AI-assisted workflows for both engineers and adjacent technical roles.

Technical Decisions
Several architectural decisions were intentional.

Native desktop architecture

The application uses:

• Go for backend orchestration

• Wails for the native desktop bridge

• React/TypeScript for the UI layer

This provided:

• a single deployable binary

• low idle memory usage

• native OS integrations

• simpler dependency management

• direct process supervision

Electron was intentionally avoided due to runtime overhead and resource duplication.

Minimal dependency philosophy

The platform intentionally minimized transitive dependencies.

Local development tooling sits close to:

• credentials

• SSH keys

• repositories

• package managers

• infrastructure access

Keeping the dependency surface small reduced both operational complexity and long-term
maintenance risk.
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Guided AI execution

LLM-assisted actions were designed as guided workflows, not autonomous execution.

The system proposes commands and workflows, but execution remains user-approved and
constrained.

That balance improved safety while still significantly accelerating setup and discovery workflows.

Impact
The measurable improvements were significant:

• onboarding time dropped from days to hours

• engineers contributed earlier

• environment-related setup issues sharply decreased

• cross-repository development became faster

• review workflows became less disruptive

• experimentation costs dropped substantially

But the larger impact was architectural.

The platform shifted local development from:

• undocumented setup procedures
to

• reproducible engineering infrastructure

And that transition matters because AI-native engineering workflows require deterministic
environments to scale safely.

The Bigger Lesson
Developer productivity problems are often framed as documentation problems.

Many are actually infrastructure problems.

If environments are difficult to reproduce:

• onboarding slows

• experimentation slows

• AI workflows degrade

• parallel engineering becomes operationally expensive

The future of engineering is likely far more parallel than current tooling assumes.
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That means local development environments can no longer be treated as temporary scripts and
setup guides.

They need to behave like products.
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